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An Optimization Algorithm for Data Caching of Blockchain-driven
Dispatching Control Cloud

XIE Jiang', GUO Ling®, ZHANG Jing', HUANG Sijie*, LI Fajun’, TANG Hanyuan®
(1. State Grid Yibin Electric Power Supply Company, Yibin 644000, Sichuan, China;2. State Grid
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Abstract; The dispatching control cloud is a cloud service platform for power grid scheduling services, which can reflect the
running status of power grid in real time and support online analysis and application of power grid. In order to reduce the delay
of caching edge servers for legitimate nodes in dispatching control cloud acquisition layer and prevent damage to the system
caused by malicious and unauthorized users accessing the edge servers, the framework of a blockchain-driven dispatching
control cloud caching system is proposed, which authenticates users based on the permissioned blockchainin edge servers,
and the monitoring data of legitimate users is cached. The deep Q network is proposed to minimize the time of edge plane for
legitimate users. Simulation results prove the effectiveness of the proposed algorithm.
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