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Detection of Edge Power Data Anomaly Based on CFSFDP Algorithm

Zhang Zhemin', Li Qilin®, Yan Ping’, Cheng Guixue'
(1. School of Computer Science and Technology, Shanghai University of Electric Power, Shanghai 200090, China;
2. Metering Center of State Grid Sichuan Electric Power Company, Chengdu 610045, Sichuan, China)

Abstract : With the continuous development of smart grid, the amount of data generated by power equipment is gradually in-
creasing. How to use power data becomes the key to the development of power grid. In order to ensure the accuracy of power
data and detect and process abnormal data quickly at the edge, a detection method for power data anomaly based on CFSFDP
algorithm is proposed. Based on the hypothesis of CFSFDP, the sample points with low local density and far away from high
density points are defined as outliers, and a new strategy of automatically selecting outliers based on the k values before and af-
ter is used to solve the problem of subjective factors in manual selection. The comparison with DBSCAN and LOF shows that
the proposed method can quickly and efficiently find the outliers in power data, and is suitable for outlier detection of edge
power data.
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