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Abstract: The random fluctuation of photovoltaic power generation may cause difficulties for power grid dispatching so a short
— term prediction model based on SOM — PSO — BP is proposed which will improve the dispatching ability of renewable ener—
gy by power grid. Firstly the self — organizing mapping is used to reduce and cluster the dimension of the original data. Sec—
ondly the weight and bias matrix of BP neural network are optimized by using particle swarm algorithm and then the SOM —
PSO - BP prediction model is constructed by using the training sets. Finally the effectiveness of the proposed method is veri—
fied in the simulation.
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